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1: coucal
2:indigo bunting
3: lorikeet
4:walking stick
5:custard apple

[He+ Delving Deep into Rectifiers

GT: komondor | GT: yellow lady

1: komondor 1: vellow lady's slipper
2: patio 2:slug

3: llama 3: hen-of-the-woods
4: mobile home 4: stinkhorn

5: Old English sheepdog 5: coral fungus

. Surpassing Human -Level Performance on ImageNet Classification, ArXiv, 2015 ]
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[Redmon&Farhadi , “YOLOBe®©®er, Faster, Str



OpenPose

Realtime Detections

https://github.com/CMU  -Perceptual - Computing -Lab/openpose

DeepLabCut



Segment Anything Model

https://ai.facebook.com/blog/segment -anything -foundation -model -image -segmentation/




[Mao+, NIPS2016]

https://towardsdatascience.com/i
mage - super -resolution -an-
overview -of-the -current -state -of-
research -94294a77ed5a

[lizuka+, TOG 2016]
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- NeRF (2020)

Input Images
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Optimize NeRF Render new views

[Mildenhall+, ECCV2020]

Gaussian Splatting (2023)

Jurdein@Wikimedia Commons



Kreis+ , “Latent Di f fusi on Mode




[Open Al  Sora (2025 9 )]
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