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import matplotlib.pyplot as plt g

1 -

bat = pd.read_csv('mlb_2824_batting.csv') 2] s s s s s ok

I
|
3l - |
4l - |
w = dict(uBB=0.693, HBP-0.722, 1B-0.878, 2B-1.242, 3B=1.569, HR=2.007) [ I |
6| - |
7| - |
bat['1B'] = bat['H'] - bat['2B'] - bat['3B'] - bat['HR'] 8] - |
9| - |
. ;
e e i (RIEER %£F (0 OWSB R £
#wlHer ] bat(tHePT] BF (L) OFBH: UL
+ w['18'] *bat['1B"] B . 5 F
+ w['28'] *bat['28"]
+ wW['38'] *bat['38']
+ W[ 'HR'] *bat['HR']) o AE (BFE) [ 2—L0FY,
den bat B + bat['B - bat['IBB + bat['SF'] + bat[ 'HBP' .
gt SLelLR SLE e RS R LA LAY o AQSHH 122 2 FRUTUEDT, EMIFTEIAKITENEE A,
bat['wOBA'] = num / den
1g wOBA = bat['wOBA'].mean()
WOBA_scale = 1 / (lg_wOBA - ©.320) g:él:qE"E (Aﬁlﬁzwﬁ)
bat['wRC+'] = 108 + (bat['wOBA']-1g wOBA)*WwOBA_scale*100
FH ABBH ARHS BB
print(bat[['Player’, Team', 'wOBA®, 'wRC+']] 18 A3—RIT GETHTE - W—BIRTHTTET., ARREANS
.sort_values('wRC+',ascending=False).head(10)) E3) ZEERRICLE WHIR TS,
1F:B0EF - ARl E (REZIRILA Hh1 =2 ZEEVTWSRH, ER3-T
cols = ['wOBA', O0BP", 'SLG', 1 L) MEEDMBLIAETEN BY E Ao
corr = bat[cols].corr()
print (corr. round{2}) 3%B A3=#IT (Th) e SEZORLNIABET,
£l 1—-2—-4—-22-4Z%IRTH
plt.imshow(corr, cmap='coolwarm’, vmin=-1, vmax=1) =L, EREZCEETShERA,
plt.xticks(range(len(cols)), cols); plt.yticks(range(len(cols)), cols)
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» 20254F, LifePromptfthi&FAIICER R AR ZEZNETA...
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#5857 I (2025) : ChatGPT o1 * DeekSeek R1 (£ LifePrompt #X(2025) : ChatGPT o1 - DeekSeek R1 & LifePrompt

RRBH A8 / EREM : LifePrompt (ChatGPT o1 - DeekSeek R1WFhb, 7OV 7 MaLUTEREFRHFALE TRIT)

8 ChatGPT o1 DeepSeek R1

BB —F Y B He Fidesn e ChatGPT o1 DeepSeek R1 ARRER
BWEYR=VY 93 (33%) 73 (73%) X158 336
ERE 188 (94%) 178 (89%) STRI2%E 379 351 332
BFE1A 80 (80%) 59 (59%)
i HI3% 321
#F#2BC 93 (93%) 85 (85%)
FL SRR ] - 321
R BEE 97 ©7%) 97 (97%) #St;; kT
(%2)
BR2 313
B#FEER 79 (79%) 70 (70%) w2 374
Wi 84 (84%) 67 (67% BR3%E 369 368
g 79 (79%) 75 (75% 1 FRB TR, HESHBERHIE. MRORL >R - HRLORBERM, £H. AFLOBRERALBETHXHOINBICEEHRKIE ST
i #2 2025 ERRAZD, ERNI1H - 2R FhTh, 808/ - 814RhBYIN T4 VE>7DIC L, DeepSeek R1D#tiEFT R ~ E800REE > Teo
BRERE py - £m) 93 (93%) 88 (88%)
£ 92 (92%) 78 (78%)
XREE 913 (©1%) 816 (B2%) N N NZ
R BEBIDFREDFMT |
BREH 904 (0% 800 (0% https://note.com/lifeprompt/n/n0078de2ef36b

#ChatGPT o1 - DeekSeek R1W¥hb. 7OX T ML THEBERMAE R TRT.
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DATA

Which dataset do
you want to use?

Ratio oftraining to
test data: 50%

—e

Moise: 0

Batch size: 10

—e

REGEMERATE

JBZ1-3)xyhNI)—JDEFZIBEUZVAILETIH
google playground
https://playground.tensorflow.org/

Epoch Learning rate Activation Regularization Regularization rate Problem type
ODO:OOO 0.03 - Tanh - MNone - 0 - Classification -
FEATURES + — 2 HIDDEN LAYERS OUTPUT

Testloss 0.492
Training loss 0.521

Which properties
do you want to feed

in?
<[
<[

+

-— + -

4 neurons 2 neurons

MR REEN

* Thiz iz the output

Colors shows
data, neuron and ' U !
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[] Showtestdata [ ] Discretize output
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Overview

Description
Evaluation
Prizes
References

Timeline

Q Competitions Datasets Kernels Discussion Jobs <+«

5 7
2 . 7 $100,000 - 661 teams - 2 years ago
Overview Data Kernels Discussion Leaderboard — Rules Submit Predictions

Diabetic retinopathy is the leading cause of blindness in the working-age population of the developed
world. It is estimated to affect over 93 million people.

The US Center for Disease Control and Prevention estimates that
29.1 million people in the US have diabetes and the World Health
Qrganization estimates that 347 million people have the disease
worldwide. Diabetic Retinopathy (DR) is an eye disease
associated with long-standing diabetes. Around 40% to 45% of
Americans with diabetes have some stage of the disease.
Progression to vision impairment can be slowed or averted if DR
is detected in time, however this can be difficult as the disease
often shows few symptoms until it is too late to provide effective
treatment.

Currently, detecting DR is a time-consuming and manual process
that requires a trained clinician to examine and evaluate digital
color fundus photographs of the retina. By the time human readers submit their reviews, often a day or
two later, the delayed results lead to lost follow up, miscommunication, and delayed treatment.
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